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https://udb.moe.edu.tw/udata/StatDepartmentRegistrationRate
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https://university-tw.ldkrsi.men/register/1008

https://university-tw.ldkrsi.men/register/1008
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https://www.managertoday.com.tw/articles/view/67423
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https://tw.stock.yahoo.com/news/salary-2022-202211-022121908.html
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(IC Design)

Bill Gates
Larry Page
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Alphabet, Microsoft, Amazon, Meta, Tesla IC Design ?
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GPU 

GH100 GPU AI

36 NVIDIA 3080 GPU
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2026 IC

!!!

Synopsys EDA :

Verilog Compiled Simulator

Verdi

IC Compiler II



: GPU CUDA

TensorFlow/PyTorch, VGG, Inception, ResNet, EfficientNet, ViT, Swin, 

EfficientViT, YOLOv8, YOLOv9, YOLOv10, YOLOv11, U-Net

CUDA

AI 

AI 

FPGA GPU AI 

NVIDIA
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ChatGPT/ Grok / DeepSeek

AI

ChatGPTǯGPT-4ǯGoogle Gemini ǯ

Copilot ǯ Grok ǯ DeepSeek
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ǰ
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GPT4o Python 

Insert Change , PyCharm

AI

AI

39



GPT4o MNIST

Keras MINST Lenet -5 , 10 
(epochs)

import matplotlib.pyplot as plt

from keras.datasets import mnist

from keras.models import Sequential

from keras.layers import Conv2D, MaxPooling2D, Flatten, Dense

from keras.utils import to_categorical

# Load the MNIST dataset

(x_train, y_train), (x_test, y_test) = mnist.load_data()

# Preprocess the data

x_train = x_train.reshape(-1, 28, 28, 1) / 255.0

x_test = x_test.reshape(-1, 28, 28, 1) / 255.0

y_train = to_categorical(y_train)

y_test = to_categorical(y_test)

# Define the LeNet-5 model

model = Sequential()

model.add(Conv2D(6, kernel_size=(5, 5), activation='relu', input_shape=(28, 28, 1)))

model.add(MaxPooling2D(pool_size=(2, 2)))

model.add(Conv2D(16, kernel_size=(5, 5), activation='relu'))

model.add(MaxPooling2D(pool_size=(2, 2)))

model.add(Flatten())

model.add(Dense(120, activation='relu'))

model.add(Dense(84, activation='relu'))

model.add(Dense(10, activation='softmax'))

# Compile the model

model.compile(loss='categorical_crossentropy', optimizer='adam', metrics=['accuracy'])

# Train the model

history = model.fit(x_train, y_train, batch_size=128, epochs=10, validation_data=(x_test, y_test))

# Plot the training and testing accuracy

plt.plot(history.history['accuracy'])

plt.plot(history.history['val_accuracy'])

plt.title('Model Accuracy')

plt.xlabel('Epoch')

plt.ylabel('Accuracy')

plt.legend(['Train', 'Test'], loc='upper left')

plt.show()

AI

Ý

Ý ChatGPT

Ý

Ý
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MNIST 

1
6@5x5

2
16@5x5

3
120@5x5

(
)

84

0

1

2

3

4

5

6

7

8

9

21

1
2

LeCun, Y., Bottou, L., Bengio, Y., & Haffner, P. (1998). Gradient-based learning 

applied to document recognition. Proceedings of the IEEE, 86(11), 2278-2324. 41
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DRCǯSign -off

DSP

Verilog
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Tcl
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EDA

51https://etas.tsri.niar.org.tw/

Cadence, Synopsys, Siemens EDA IC

https://etas.tsri.niar.org.tw/
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https://udn.com/news/story/7240/6102490
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